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Algorithm 1 Personalized Federated Learning
1: procedure FEDERATED LEARNING
2 N: Number of users

3 E: Number of epochs

4 for epoch ¢ = 1 to £ do

5: for user i = 1 to N do

6: VAE; < TrainV AE(data;)
% end for

8: VAEgippar + Aggregate(VAE,,VAE,,...,VAEN)
9: for user i = 1 to N do

10: VAE; < VAEgoba

11: VAE; « Personalize(VAE;)
12: end for

13: end for

11: end procedure
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